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Step1 Step 2 Step 3

Collect demonstration data, Collect comparison data, Optimize a policy against
and train a supervised policy. and train a reward model. the reward model using
reinforcement learning.

A prompt is Aprompt and A new prompt
sampled from our - several model issampled from 77 -
prompt dataset. landis outputs are the dataset. about frogs
sampled. +
Alabeler The policy s
o8
demonstrates the generates R,
. itput. 7
desired output anot 7
behavior [o— i
fothomeon Alabeler ranks
o upon ati

* the outputs from
best to worst.

This data is used o
to fine-tune GPT-3 2o 0-0-0-0 The reward model
with supervised N | calculates a
i reward for
fearning. 2 This data s used 5 G
EE[E] to train our SR {
S
reward model. =% The reward is
0-0-0-0 used to update T

the policy
using PPO.
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