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1-  Multi-Criteria Shortest Path Problems 11- Modified Dijkstra algorithm

2-  Genetic Algorithm 12- Ranking

3-  Geo-spatial Information System 13- Tournament Selection without replacement
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5- Weighted linear combination 15- Crossover

6- Pareto 16- Multi point crossover

7-  Quality of Service 17- Mutation

8- Path description vector (pdv) 18- Component Object Mode

9- Pareto optimal 19- Breath First Search

10- Early termination
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